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“A bibliometric study of research topics, collaboration and
influence in the field of the Iterated Prisoner’s Dilemma”

Nikoleta E. Glynatsi, Vincent A. Knight

Palgrave Communications

arxiv.org/abs/1911.06128
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“Properties of Winning Iterated Prisoner’s Dilemma
Strategies”

Nikoleta E. Glynatsi, Vincent A. Knight, Marc Harper

arXiv:2001.05911

data: DOI:10.5281/zenodo.3516652
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Recognising and evaluating the effectiveness of extortion in the Iterated Prisoner’s Dilemma.
Vincent Knight, Marc Harper, Nikoleta E. Glynatsi, Jonathan Gillard - Preprint

arXiv:1904.00973

https://arxiv.org/abs/1904.00973
https://arxiv.org/abs/1904.00973
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“Using a theory of mind to find best responses to
memory-one strategies”

Nikoleta E. Glynatsi, Vincent A. Knight

Scientific Reports

arXiv:1911.12112
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“Training Recurrent Neural Network strategies for Iterated
Prisoner’s Dilemma”

data: DOI:10.5281/zenodo.3685251
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